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Chinese text categorization based on multi-pooling

YANG Xin, JIANG Wei, LIU Xiao-Ling
( Sichuan Water Conservancy Vocational College, Chengdu 611231, China)

Abstract: Text classification is one content of text mining, which has a wide range of applications in the

fields of information retrieval, e-mail filtering, web page classification and so on. At present, the text

classification algorithm on the feature representation is still insufficient. This paper proposes a text clas-

sification algorithm based on a variety of features. In this algorithm, firstly, the word vector was ob-

tained by using the skip-gram model on the segmentation of text. And then various pool methods are ap-

plied to get the vector of the entire text. Finally, the various pool features are a whole input, which is

the input of the softmax regression model to obtain the categorization. Through the text classification

corpus provided by Fudan University, the results show that the proposed method can improve the accu-

racy of text classification, which shows the effectiveness of the proposed algorithm.
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Fig. 1 Text categorization framework based on pool technology
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Fig. 2 Structure of skip-gram model
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