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Multi-target tracking data association algorithm based on greedy strategy
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(1. College of Computer Science, Sichuan University, Chengdu 610065, China;
2. National Key Laboratory of Air Traffic Control Automation System Technology, Chengdu 610065, China)

Abstract: In this paper,a new association method is proposed to tackle the data association problem of
multi-target tracking. In this algorithm, building the associative matrix with the Euclidean distance and
the 1-Norm of state vector between tracks and points firstly. And using the associative matrix find the
most suitable(Maximum matching success rate) points for every track. If the points just marked by one
track, update this track directly; if the points marked by many tracks, choose the track with highest
probability to update, Monte-Carlo Simulation experiments show that this algorithm guarantees the up-
dating points for every tracks are the best points among all present points.
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Fig. 1 Association algorithm flow diagram
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Fig. 2 Association algorithm diagram
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Fig. 3 Association algorithm result diagram
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