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Research on the region-based segmentation method of financial time series
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Abstract: In financial time series prediction and data mining research, Piecewise Linear Representation
(PLR) is generally used for time series data preprocessing, but the PLLR algorithm uses a single fitting
error as the threshold, and the segmentation effect is not ideal, and the versatility, time complexity and
other shortcomings of PLLR need to be improved. This paper proposes a financial time series region seg-
mentation method, which is superior to the traditional piecewise linear method in both qualitative and
quantitative.,
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Fig. 1 Stock data time series segmentation method
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Fig. 4 Regional adjustment of stock time series
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Fig. 5 Stock time series amplitude changes
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Fig. 7 Ascending and descending label distribution map
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Fig. 10 Piecewise Linear Representation
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Fig. 11 Regional segmentation
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