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Research on author name disambiguation method based on machine learning
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Abstract; This paper proposes an automatic article author name disambiguation method based on rule

matching and machine learning. For each article, the candidate authors are determined based on artificial

constructed name matching rules firstly. For the cases of multiple candidates, features are extracted

from the attribute information of the article, such as collaborators, title, abstract, key words and publi-

cation name, and then selected machine learning models are applied to author name disambiguating. The

experimental results show that the K-nearest neighbor and Softmax classifier are more suitable for the

author name disambiguation task than other models. In addition, extracting features of the authors in-

formation separatelycan from other information effectively improve the accuracy of the author namedis-

ambiguation.,
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Tab. 1 Name conversion rules from chinese to english
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Fig. 1  The architecture of authors disambiguation
method
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Fig. 2 Number distribution of articles in disambiguation sub-datasets
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