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Reasoning over intra-document and jointly matching question and candidate
answer to the passage based multiple-choice Reading Comprehension
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Abstract: For the current machine reading comprehension method, only matching the question with the
paragraph will result in the loss of information of the paragraph or matching the connection of the ques-
tion and the answer with the paragraph will lose the interaction between the question and the answer. A
model that matches an improved encoder of the paragraph with questions and answers is proposed. First-
ly, the paragraph is chunked into blocks with multiple granularities, the encoder uses the neural bag-of-
words to express the words of each block, and sum the embedding of all words that reside in each block.
Next, the blocks are passed into fully-connected layers and expanded to original sequence lengths. The
gating function are then constructed through two-layer feed-forward neural network which modeling the

relationships between all blocks that each word resides in, allowing for possessing a larger overview of
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the context information and capturing the intra-document relationships. Finally, the attention mecha-

nism is used to model the interaction between the passage and the question as well as the answer to select

an answer. Experimental results on the SemEval-2018 Task 11 demonstrate that our approach’s im-

provement over the baselines such as Stanford AR and GA Reader ranges from 9% to 10%, pulls ahead

of recent model SurfacelLR by at least 3% and outperforms the TriAN by 1%. Besides, pretraining the

model on RACE datasets helps to improve the overall performance.

Keywords: Joint match; Multi-Granularity; Machine reading comprehension
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Fig. 3 The accuracy of the model
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