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Foreground extraction based on multiscale smoothing

TONG Miao, HE Kun, ZHU Zhi-Juan
(College of Computer Science, Sichuan University, Chengdu 610065, China)

Abstract; Traditional Graph cuts algorithm can effectively extract the foreground of cartoon images, but
satisfactory results are not achieved for natural scene images. In order to improve the performance of
foreground extraction, this paper proposes the foreground extraction model based on multiscale smoot-
hing, which combines segmentation and multiscale feature to extract foreground from appropriate scale
features. The total variation edge-preserved smoothing model is used to smooth the image, which pre-
serves the edges and reduces the inhomogeneity of the image, finally, improves the performance of fore-
ground extraction. Experimental results shown that the multiscale smoothing based foreground extrac-
tion model decreases the negative effect of inhomogeneous regions on foreground extraction, and the e-
valuation scores are higher than those of the traditional Graph cuts algorithm.
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Fig. 1 The process of foreground extraction based on multiscale smoothing
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Tab. 1 The evaluation scores of foreground extraction with the different parameters A

_ SH A
EiEL7y
0.05 0.10 0.25 0. 50 0.75 1.0 2.0 3.0 4.0 5.0
HE= R 0. 768 0. 768 0. 670 0. 953 0. 962 0. 931 0.971 0. 980 0.978 0.979
HEW% P 0. 404 0. 404 0. 956 0. 832 0. 950 0. 937 0. 920 0.915 0.910 0.910
F-ji) jig 0.529 0.529 0. 787 0. 889 0. 956 0. 934 0. 944 0. 946 0. 943 0. 943
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Fig. 3 The results of foreground extraction with the different parameters A
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Fig. 4 The results of foreground extraction with different algorithms
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Tab. 2 The evaluation scores of foreground extraction with

different algorithms
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