202141 A Wl KRR RAF ) Jan. 2021
58 1 Journal of Sichuan University (Natural Science Edition) Vol. 58 No. 1

ETFBiEMN DBSCAN EZBiREREE

® A Bt Al g ol 9 H R
(LU R AR TR MR B B R 22 B SC 003, AR 6100655 2. PUIR“EI ML B » Jl#p 610065)

 E. AR ARRE—RET R ST RIS PRI 6 ST B AT AL AL 4 IR IR AL
Jo AR K E R B RS K. ST B ARIRIR A AR i BT A KT R KT R B ARSI AR
EHFROIERA. LA THAGES DBSCAN BE Ak, S4B FRIERRIER
HRHBTHAAE R DBSCAN R ERIZRA L. RR VL ETFEESHT. FHhERIE
R IR R 6 Sk R AL T KRR Y AL R A 4R 3 vA RS a1 69 T E. ad@ it )
A B iEp DBSCAN B ESRIZRAF ik . Al ik 3R 92 5 = L ARALE — R F AR 2 49 B 47 5F
T 2% B ARALIEE , 7T VA BT Z 02 % B AR, ¥ b B RAT ALK AT 8 F 05 2] AKX,

KGR BARRIZ; TR EERE; AEm DBSCAN; FR ZEEBZEA X; LB
hE4ES. TP18 XERFRIZED . A DOI. 10. 19907 /j. 0490-6756. 2021. 012001

Radar target tracking algorithm based on adaptive DBSCAN
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Abstract: Directly processing the track initiation and tracking of the points recorded in the radar point re-
corder of the three-dimensional air traffic control system will generate a large number of false alarms and
a large amount of calculation. When performing target tracking, the number of candidate point sets is
huge is the main reason for the large amount of calculation in the target tracking process. Based on the
dynamic adaptive DBSCAN clustering algorithm and the classic Kalman filter tracking algorithm, a hy-
brid dynamic adaptive DBSCAN clustering tracking algorithm is proposed in this paper to reduce the
number of candidate point sets. Experiments have found that the number of invalid points is reduced and
the track quality is improved Computing time decreases. Through the dynamic adaptive DBSCAN cluste-
ring tracking hybrid algorithm, it can quickly track the target detected by cnac radar once and form the
target track, which can detect the black flight target in time and reduce the interference to the normal
flight of civil aviation aircraft to the minimum.
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