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A short-term macroeconomic Forecasting model based on GMDH
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Abstract: Traditional short-term macroeconomic forecasting research is usually based on quantitative or

qualitative forecasting models, while GMDH algorithm has both qualitative and quantitative characteris-

tics. This work proposes a mixed mathematical prediction model to forecast short-term macroeconomic.

The model is a combination of GMDH autoregressive model and quadratic autoregressive model. Rele-

vant statistical data are used for empirical analysis, and the results are compared with the traditional

GMDH model and the quadratic autoregressive model. The results show that the hybrid forecasting

model proposed in this paper has good forecasting accuracy and is an effective means of economic forecas-

ting.
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Tab.1 The city GDP from 2006. 1 to 2008. 4

s I i) TRARSEBRIE/ T T8
1 2006 4 1 H 2 872.80
2 2006 4F- 2 A 2 860. 30
3 2006 4F- 3 J 2 896. 60
4 2006 4F- 4 H 2 873.70
5 2006 4F- 5 A 2 942. 90
6 2006 4% 6 2 947. 40
7 2006 4F- 7 2 966. 00
8 2006 4F- 8 A 2 980. 80
9 2006 4F 9 H 3037.30
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10 2006 4F 10 A 3 089. 70
11 2006 4 11 A 3 125. 80
12 2006 4F 12 H 3175.50
13 2007 41 A 3 253. 30
14 2007 4 2 A 3 267. 60
15 2007 4F 3 H 3 264. 30
16 2007 4F 4 H 3 289.10
17 2007 45 H 3 259. 40
18 2007 4F- 6 H 3 267. 60
19 2007 4 7 H 3239.10
20 2007 4 8 A 3 226. 40
21 2007 49 A 3 154. 00
22 2007 4F 10 H 3 190. 40
23 2007 4 11 A 3 249. 90
24 2007 412 A 3 330. 00
25 2008 4F 1 H 3 320. 00
26 2008 4F 2 A 3 340. 00
27 2008 4 3 A 3 350. 00
28 2008 4F- 4 H 3 380. 00

¥ 2006 45 1 H 3 2007 47 12 A HEEEIE A FE
AH I, I 2008 4F 1 H F| 2008 4 4 H AY(H, I
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Tab. 2 Actual value wvs. estimates of GMDH
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1 20084 1H 3372.53

FPRME AR AR
/TTE  /THIE  2/%

3 320. 00 52.53 1. 55

FFe o I

2 20084F2H 3371.52 3 340.00 31.52 0.93

3 20084E3 H 3374.74 3 350.00 24.74 0.73

4 20084F4 H 3375.67 3 380.00 —4.33 0.12
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Tab. 3 Actual value ws. estimates of quadratic autoregres-

sive model
1 20085 1H 3356.2 3 320. 00 36. 2 1.1
2 20084F 2 H 3362.63 3 340.00 22.63 0.7
3 20084E 3 H 3345.09 3 350.00 —4.91 0.1
4 20084F4 A 3332.5 3 380. 00 —47.5 1.4
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Tab. 4 Actual value vs. estimates of Hybrid model

L B SR daxkR AR
FE MM R T 2T %/%

1 20084 1H 3364.37 3 320.00 44. 37 1.32

2 20084E2 H 3367.08 3 340.00 27.08 0. 80
3 20084F3 H 3359.92  3350.00 9.92 0.29
4 20084E4 F 3354.09 3 380.00 —25.91 0.77

1 4 "] GMDH 84815 — Y [ [o] )5 46 7Y
(2 S BERLRE X 4% 22 FE IR 1. 3500 KL 51
Jr 7279 867. 9, A R A 1 ¥ 75 2%, A [A] E HL
AN SEBREEE S AP 3 B, w] LU 205 i
ISR 22 A0 5 B e o UM A R A5 . TE ]
AR SCHFFE B 2T GMDH (1438 A8 8 35 0 2 A7 3¢
14 HAR B .

3400

[ 52hR(l * GMDH oK AIMIE  414]

33801 !
$-——— ...*_._~~~**-//*‘
3360F - ]

GDP/ T 76

N4
\
\
\
//
/
/

/

\

3340+ e
33207
3300 - :
200801 200802 200803 200804
st 1] /4F A

B3 REBER T fe 55 A A P8 2T L

Fig. 3 Actual value wvs. estimates of different model
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