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Multi-class credit rating method based on Tri-training algorithm

CAO Xin-Yan, ZHOU Jie
(School of Mathematics, Sichuan University, Chengdu 610064, China)

Abstract: Credit loans become more and more important in the capital turnover of corporations with the
rapid development of economy. Credit rating is the base of credit loan. In this paper we focus on the
problem of insufficient number of label samples in actual credit rating and propose a multi-class credit
rating method based on the Tri-training algorithm, which selects the support vector machine, the deci-
sion tree and the maximum entropy model as the base classifiers combination. Finally, the performance
of the method is verified by using some real credit datasets.
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